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s MFEAAMICEENLF =T —RIZE KB G 20O~ LTk, ALY 2E X
DRDORKAAMNAZEDFHPE O N LR FEORMEL T, 1R TaRy o7 —
T—RNE T2k,

DR ST,

Research Trends of AI based on International/National Conferences Proceedings
Hitoshi KOSHIBA, Science and Technology Foresight Centre, National Institute of Science and
Technology Policy (NISTEP), MEXT

ABSTRACT

Some researches suggest that a research domain of ICT (i.e. computer science/engineering)
including AI (Artificial Intelligence) had a different structure of the other domain at research
impacts. That suggests these domain’s important measurements should be done not only by journal
paper but also by international conferences. By the way, today, anyone thinks that Al has a power
of changing society. However, we generally do not know the status of ICT/AI research domains
based on international conferences. Especially we do not grasp Japan’s position.

In this paper, we report a result of a trial to reveal the status of Al research domains based on
international conferences. In this research, we pick up three major international conferences and
one domestic conference at Japan. In addition, we try two types of methods for our purpose. At
first, we count a country of author affiliation. Second, we collect report titles and pick up the
terms in them, and count those.

Our results are as follows; In Japan, Al researches have increased. In addition, those
international conference papers have increased, too. However, international conference papers
from Japan are being flatted out. In Japan, Al research’s characteristic words are “Environment”
and “Robot”.
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1 XU &IC

ANLHBICEHDEE > T2, 207, [EERROTEIZWEREHNIC B 1T 2 EER 28 O HE DMl
S EHBLTRZ W EASN D], FERXEN— 2L L2238 TBMR T 72 £ 7210 <l @i 2 #f
ELI60, 207, 06 DT O W TIRFEFR LR — A DG HBRIHT & £ LT L <.
ik, ERRRHEO T — 2 IO ORI 20BN H 5, ZOBLED 5 E IS BETT
lZ. IEEE %>, World-Wide Web Conference DXk N — A & L 2B 302 505 L T\ % (3,4, 0]
D3, ANTLHIBETEFICIR - 2200, [A—0 8N R4z 2 S co ke, AL Dz &
fToTwpol,

Z 2T, ZIIAERAR— A DS OMGNCE T 2 7- 0D ERMERZ HIV E LT, ATHGEDE I
B 2 EAREREROSERLE . BNRRKOAETH 5 AL AR EEREOSHEIRE 2 X— A
LT, AHICE T 2 BPEOEERK (ZHiE) o, L HA L ontgiB)n 2% % 2 {5 125
L7,

2 IR

Sl N THIBEICEE T 2 F 4 2 EESE £ LT, AAAI ( Association for the Advancement of
Artificial Intelligence ) 23 ¥ 9" % EFE 25 "AAAI Conference on Artificial Intelligences (BT,
AAAI) U IFAAMAS ( International Foundation for Autonomous Agents and Multiagent System ) %%
TA# 3 2 EBE23€ "The AAMAS conference; (BAT. AAMAS). ACM ( Association for Computing
Machinery ) ® SIGKDD ( Special Interest Group on Knowledge Discovery and Data Mining ) 2333
% [EFE43% TACM SIGKDD Conferences on Knowledge Discovery and Data Mining ; (BAF, KDD)
ZERHIL 72,

FELEBEAEE L TIZ 2 ofbic b, IICAI ( International Joint Conference on Artificial Intelli-
gence ), NIPS ( Neural Information Processing Systems ) , ICML ( International Conference on Machine
Learning ) 7z E O XEDHFET 5, AAAL ° AAMAS, KDD % & CTHIRFIZE B L % 3 HLUT T,
Yy 7L NVDEBREHE E VA S,

AAAT % IICAI B4HID & 3 ) ATHIRERM 2 A CHUY #9 —77, AAMAS % NIPS, ICML, KDD
FExhZhr—y 2y bP2a—70%y b, BRYE, Mgt Ra ., ATHREOHTHREDFE
BICHEZECRRE > Tw5, INSOXRORMERIEZ DI E L7k,

SNE T — % OUEE - SATICFRZ BT 3, TE 22 UTEMINICWET 2 58t 2 L o7, £/, &
DEOFIEE (ZlE) 213 U o EERKAZEICH 2 720, FrEEoEE IR S Tw 5%
E. HBEERDPAEL T 20E B H -7, Tho kD, Web LTRSS 7= 2K - WA L
LIS TE D, 2ONEARET, EHEFERICTMEREOEREAE I T3, L) Hlip s E&d
AAAL AAMAS, XX KDD %3#5E L 724,

UTJCAL NIPS, ICML (22 TH A3 %086 — ot z2ilath ). ks Tz oz 3,



M# 2.1 ANLEEDEICE T 2 T HEREERSH & 7 ORH#%
e BERE TP %# URL

AAAI m|E ANLHmELM  http://www.aaai.org/Conferences/
AAMAS 8 xT—Y =z v http://www.aamas-conference.org/

KDD BAE FRRFER http://www.kdd.org/conferences

IICAI bR ATAIBESM  http://www.ijcai.org/past_conferences
NIPS mE HARSEOH https://nips.cc/

ICML BE B http://www.machinelearning.org/icml.html

Wz DWW T, 2010 225 2015 EETE L7z, JHUd, AAAT OS2 77— D5 6 F&
H#RE THES! "Hl/éf“ﬁ 55D 2010 FLETH > 72 Z LITHHET 5,

EIN BRI OV TE, A TRIAEY 4 (JSAL : Japan Society of Artificial Intelligence ) 4 E K4
(L. JSAD %ﬂ%’%& L7, NLFIREZ ) KRB ENSER L L TiE 2 oftil "E%UUEE? |
RE% EVFIET 205, HHEYY2 %2130 0 N LA AR UA O IZ4 3 L b A LHIRE A
A—=7 %o Tk vid, SROSHINRICIEED Ld > T,

ST IZ AAAL, AAMAS, KDD IZHbH 1T 2010 225 2015 FFETE L7,

3 DR - Tk

SN, RS IC oW TIESEBENTA L E LT, FTRES IcHZ2IETLZ L2HW
LLTw3,
z T,

1. #FEEEEERIC B T 2 DA KR OGRESHE O Sl (S AER)
2. FEBESHECPEAZHETO M Ey 7Bl (RN E))

2179,

TEEIR IS Web TRB X 1T\ 2 KA D 26k (Proceedings ) . 24165 Web LD &iEHICIHR
B TRAIN T2 K AREDERE T2, B, Yy 27Uk & TEEDOERIE A 7%
WA —2AH5 AAAL T3, AAMAS T1fHZEALNE, IN6ICOWTIE, SRIFRFEB O ALE %
fToTwiv, Z20fl, 77— OXFLIT EREPEA DK D ME V& Lo TH 2HER%Z L Tw»
iz, FEEBEOEEZIEL (M TETORLTEEDSH 5, Lasio T, loHEF 5% &
BAOFED XL AL 2N H 35,

AAAIL AAMAS, KDD 1 238k~ ORI L T3 &’ dh 5, —J7. MU LESEOTTH
Fam SXH Y D A e ﬁ?%@k\$xy—kvya/%7%®i7 IR TD, Bb Db
HBL T T22805H2, 23, AnCHREBEFICE LS T, Aitici#lod 2D
DIRTHEMNGRE LT,

IoNDT—F 2 HEMIICINEE, B L, &% - BRFEEICHERS A PV EFE 2L ToTic



3.1 EEOZEEHD

ERE R OFE L ERICIIERNNCEEEREOEFE LM I N TV 270, IhizFrrh el
T, TREBR&SHRICE T 2 HAROGEAE O SR (SWESH) ) 2179,

CITHME LR, KIS0 EBORBEOUHEE L CFEIGET S, 20, KREDHE»P LD
KBUBDL CIEESHDOESCBENET S, 2070, ZHEHEZIT) ) 2 TOA Y v MEIFE
(&gt NGm) ik 35, 20 LT, EROEICOWTOITT 28, HEFHHIC—A
THYHITEEEEEOMAE G FN LA, ZOMXEYEEObDELTAY Y FT5 (%
Bhov b)), BEAY V2T 270, EEOEFHEROME L OBEZE LN 3 ficiEE
DILETH D,

g d 2 EE LCidd & LT THA (Japan); Ottt T#E (Korea); "[E (China); TKE (USA); @
3AE, 51z E L LT M%EE (UK)) "7 7~ A (France)) " F A Y (Germany); "4 # V) 7 (Italy),
T 5 % (Canada); "A-XA >~ (Spain); "5 (Australia); "4 > F (India); @ 8 A[FE, 2fkE LT 12
HE%EBRET SR,

7. FiEEBIERED 7 — % 2 v G X D EIBREEE O RDUS DT H T - i zilAa s, B
WV, X DFEH VDI EEBERE O A TR I 11T 0>, BEEOITERE EFE TR
SNTVLENICOVTEDFED S, 351, ZHfF7 2010 405 2015 FEETORFERICE T 5.
HERRZARE L CER L 2 HEEBRO 2y b7 = RZEKT 2, 22 TiE, /—F (fadDwi
M) ok&Z%, ENRETELoEELFEMRICH 2, =y Y (V=FlZ225H) ORI %,
ENLE I ORFTHEFEBRICH 20, HIEIE 2 L THENZBEREOEREZR ST, / —F
FHAZR, hEZRR, KEZHFE L, 20MMOEIZ 7 ¥ LaicE0T 5, kB, HEBKRE VI
Bl MEORKL, AERBEEEOEEDATHBMIN KR, HRICETNTLRWVLEIC
FEELSUBETH S, $-. H-EEEEE L -oIcE Lo TR EZERLTw 2, #l2i1E, 5 A0
BHETRREI NS HpFET, PIEEEEFE? TAE, AE, BE, BIE, CH, Thot X, iR
Wbz TAE, BE., CHE, ¢axLl, 2o kT TAE, BE, TAE,. CH, ™BE, CH, w9 3
SOMFERFENH S, L LTHINT 3,

3.2 MERNREM

FKESA PVicEEnD "HEE 2 HRSHMIY 2 2 LT, B2 OFIEEEG O R EGE 2 M
L. RERINCENR S & Thyf - iz g3 2,

BN ARREEOMETEGU TO L B TH 2,

RHEOFKEEIA P AVRIEL, PRFEFICEDE LD T DO RX 2 AV FEARET, HIZIE,

2 JeARIIC, FEINNICEL L 72 X7 A CTHT RS BIEI£E %2 HIl L T\ % (USA,UK (% Z 41 Z ¢, United States, United
Kingdom DFI#E b HEIJE U THEE L T 5), FEBITIIEEL D> 720 TJAPAN % Tjapany 7% EDFIH#TIE A Y
YV FENBVTICHEESBETH B,



BF 4.1 AAALICET 2#FEFRE L FrEEBEFRE IR () DR

AAAI T
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2010 2011 2012 2013 2014 2015
B
Rl - R - Japan China -« Korea -~ USA

X 4.2 AAALICEIT 2 HRFERE L PIrEEEEFERNFRE () otk

BAfE4E  Total Japan Korea China USA* UK*™  France Germany Italy Canada  Spain Australia India

2010 348  8(23%)  4(1.1%)  423121%) 192(552%) 19(5.5%) 11(3.2%)  21(6.0%)  92.6%) 24(69%) T2.0%)  20(57%)  6(1.7%)
2011 344 92.6%)  402%)  4513.1%) 19556.7%) 18(5.2%)  T2.0%)  24(7.0%)  T2.0%) 26(7.6%) 20.6%)  236.7%)  3(0.9%)
2012 383 1129%)  205%)  50013.1%) 189(49.3%) 24(6.3%) 20(5.2%)  19(.0%) 12(3.1%) 29(7.6%) 5(13%)  3509.1%)  7(1.8%)
2013 277  10(3.6%) 2(0.7%) 4415.9%)  156(56.3%)  11(4.0%) 7(2.5%) 196.9%) 11(4.0%) 14(5.1%)  2(0.7%) 14(5.1%) 2(0.7%)
2014 474 173.6%)  408%) 10421.9%) 22347.0%) 24(51%) 204.2%)  22(4.6%)  8(1.7%) 37(7.8%) T1.5%)  316.5%)  6(1.3%)
2015 674  203.0%) 10(1.5%) 138(20.5%) 326(48.4%) 55(82%) 24(3.6%) 263.9%) 192.8%) 37(55%) 4(0.6%) 598.8%) 15(2.2%)

* JZPRITIE “United States” % ¥ — & L TH &4 T

## JZPRICIE “United Kingdom” % ¥ —& L TH &4 T

AAAL THHUE, AAAI0IO D A FIL—EZ—DDFF 2 X+, AAAR0IL DY A F L% —DD
F¥axvb, LwIiBicd s, 20 LT, F¥a X Mgo TFIDF iz 59 %, TF/IDF fii%
XENORHNEE (FEGE) 2T 27200 RNEFET, HPRKEVIEE, ZOFRF2 XY
FOREH O DLTHIELEZ S, UK ) BEROBEFEORGEEZ BT 5,

4 DHTHER

S DFERIZO VLT FICRT,

\

41 SEEHD

AAAT OFER%Z XFRED, B2, 83,84, B3 ICF L DT,

M BETED 24 2% L, AAAL 3 2013 4705 3 4Rl CHREBDIMEITICH 2, Ko, HEOFE
BT 0L 2 LRI ND, HADRELEBIL, 2FICHD 28 G 2~3% LIEHFHTH S D
D, BEELTEPPHEHATHREX)ITAZS,

MEEd % A2 L, PEIBFHICKE L OERZRRIL W by %, T EIZ, FEOE L
F3L L wboD, /) —FOREIIFZNHD T, RAZEOEEI L H#I L TO28TF2ME 2 5,



X 43 AAAL BT 2 ER—2 0 HFE R

Japan Korea China USA UK France
B EEE AEF | B GBS AFF | BUM R ASE | UM dEBE Ak | Bt EEE AEF | B EEE A5
2010 2 6 8 3 1 4 17 24 41 36 156 192 11 8 19 8 3 11
2011 2 7 9 1 3 4 24 19 43 41 154 195 9 9 18 6 1 7
2012 3 8 11 0 2 2 28 22 50 52 137 189 18 6 24 11 9 20
2013 4 6 10 1 1 2 21 23 44 42 114 156 8 3 11 4 3 7
2014 7 10 17 3 1 4 40 61 101 67 156 223 18 6 24 10 10 20
2015 9 11 20 4 6 10 66 68 134 87 239 326 38 17 55 13 11 24
ai 27 48 75 12 14 26| 196 217 413 | 325 956 1281 | 102 49 151 52 37 89
Germany Ttaly Canada Spain Australia India
Bl EE AEF | HU RS &EF | BUM dEEE AGH | MUl dEE AEF | RO EEE &EF | HU O A5
2010 12 9 21 6 3 9 8 16 24 1 6 7 14 6 20 4 2 6
2011 7 17 24 3 4 7 13 13 26 2 0 2 12 11 23 1 2 3
2012 11 8 19 5 7 12 14 15 29 4 1 5 15 20 35 5 2 7
2013 15 4 19 7 4 11 6 8 14 2 0 2 7 7 14 1 1 2
2014 16 6 22 5 3 8 13 24 37 5 2 7 24 7 31 6 0 6
2015 16 10 26 13 6 19 20 17 37 0 4 4 34 25 59 8 7 15
&l 71 54 131 39 27 66 74 93 167 14 13 27 | 106 76 182 25 14 39

M#E 44 AAALICE T 3 EBEOHZFRBFR (2010 4£~2015 E4H)

Netherlan

Germany

fwitzerland



XZ 4.5 AAAL BT 2 EBOMLZFREFR (5, 2010 4£~2015 £55H)

AAAI Japan Korea China USA UK France Germany Italy Canada  Spain  Australia

Korea 0

China 5 2
USA 6 680
UK 4 0 9 24

France 2 0 1 16 4

Germany 0 0 2 17 7 6
Italy 0 0 0 8 12 3 1

Canada 3 1 11 25 1 3 9 0

Spain 0 0 0 3 0 1 2 2) 0

Australia 2 0 37 20 8 5 12 4 8

India 0 3 0 13 0 2 1 0 0 2




XZ 4.6 AAMAS 2B} 2 F 2L EMBEEEEN R () o

1251
AAMAS /\,_____.
1004 ‘t‘\—// 300
= -
m 75+ &
A 200 %ﬁ
B 504 g
100
25+
N !.T—:M 0
2010 2011 2012 2013 2014 2015
BfELE
Rl - R - Japan China -« Korea -~ USA

X 4.7 AAMAS IZ B 27825 L irEbEBAEEE R F 2 8 (—38) ot

FifiesE  Total Japan  Korea China USA UK  France Germany Ttaly Canada Spain  Australia India

2010 318 113.5%) 00.0%)  4(1.3%) 104327%) 49(154%) 14@44%)  17(53%) 14@44%) 18(57%) 25(7.9%)  154.7%)  2(0.6%)
2011 276 1243%) 00.0%)  3(1.1%)  8330.1%) 30(109%) 1243%)  196.9%) 134.7%) 114.0%) 24(8.7%) 933%)  1(0.4%)
2012 310 72.3%)  0(0.0%) 4(1.3%) 88(28.4%) 40(12.9%) 15(4.8%) 123.9%)  19(6.1%) T23%) 22(1.1%) 12(3.9%) 3(1.0%)
2013 321 72.2%)  0(0.0%) 902.8%) 123(38.3%) 53(16.5%) 19(5.9%) 103.1%) 18(5.6%) 12(3.7%) 7(2.2%) 17(5.3%) 6(1.9%)
2014 378 1745%) 205%) 1334%) 119G1.5%) 68(18.0%) 328.5%)  256.6%) 195.0%) 16@.2%) 102.6%)  21(5.6%)  6(1.6%)
2015 363 514%) 00.0%) 185.0%) 121(333%) 60(165%) 308.3%)  22(6.1%) 26(72%) 1233%) 113.0%)  21(5.8%) 19(5.2%)

X 4.8 AAALICBIT 2 ERN— 2 0HFHEER

Japan Korea China USA UK France
Hul WS AR | HUS JESE Adb | WU GBS &F | BUR GEPE GO | BUR Ol AGE | HUl Ol A

2010 5 6 11 0 0 0 2 2 4 28 76 104 20 29 49 7 7 14
2011 2 10 12 0 0 0 2 1 3 26 57 83 15 15 30 6 6 12
2012 3 4 7 0 0 0 1 3 4 25 63 88 20 20 40 10 5 15
2013 1 6 7 0 0 0 7 2 9 29 94 123 30 23 53 8 11 19
2014 7 10 17 1 1 2 3 10 13 41 78 119 40 28 68 13 19 32
2015 3 2 5 0 0 0 11 7 18 40 81 121 29 31 60 11 19 30
itk 21 38 59 1 1 2 26 25 51| 189 449 638 | 154 146 300 55 67 122
Germany Ttaly Canada Spain Australia India

kS AR | HUR GEEE OaF | BB GlEE &ak | BUR GEEE &k | BUR0 EE B3R | B Gl &3

2010 7 10 17 5 9 14 4 14 18 6 19 25 8 7 15 2 0 2
2011 9 10 19 7 6 13 2 9 11 6 18 24 4 5 9 0 1 1
2012 6 6 12 13 6 19 1 6 7 10 12 22 1 11 12 0 3 3
2013 6 4 10 8 10 18 7 5 12 5 2 7 5 12 17 2 4 6
2014 13 12 25 12 7 19 5 11 16 7 3 10 8 13 21 4 2 6
2015 9 13 22 14 12 26 5 7 12 6 5 11 13 8 21 7 12 19
i 50 55 105 59 50 109 24 52 76 40 59 99 39 56 95 15 22 37

AAMAS DR % X 06, 7,08, B9, E10I1CF Lo/,

B, AAMAS 220V Tk, SHINEL 727 =% D 2013 FFELARTIC B W T, KE OB TE D5
AICREAEBERI N TOE»r o, ., EROEDRNOERA SN, 22T, PISHIZTH5)
TEAD N GRRIFNDBIEEE DT> 7,

AAMAS DFFREIL 2011 F0 oW 2L R WIMEMICH 2, £/, T I THHAMIZTNI VNS
HEOFERBDEFIH I TO DL 2 LRI N D, HARDFRBUIIIHIC L 7038 D | 2o



X 4.9 AAMAS 2B 2 ER0IFRR (2010 F£~2015 FE55H)

Denmark

XF 4.10 AAMAS I2E1) 2 EROILFBER (—F, 2010 ££~2015 E45H)

AAMAS Japan Korea China USA UK France Germany Italy Canada  Spain  Australia

Korea 0

China 1 0
USA 10 1 4
UK 1 0 s [EE

France 2 0 0 7 8

Germany 1 0 3 5] 7 6
Ttaly 1 0 2 13 13 8 0

Canada 0 0 0 3 4 1 1 4

Spain 0 0 0 4 17 5 1 5 0

Australia 4 0 2 5) 3 2 5 B 3 0

India 0 0 0 8 1 3 0 0 0 1 0

ELTHE L E R, HAIZOWTORRIIIBRS v, HATHARD 2179 &, BURTIX
HEFNCOWTHEEDEIFRE S 2L, £, 5 F0iD 2010 FRFRTH 2N ) OREHD A S
N32ED6, AOHICEOTEPEITEDTVLEVAZHLTVwEELALND,

X B9 O FEMLERRE A2 L. 2O, RPEIKE L, PEIZS v AR —L & o
D%\ (T P8R, KENZ, HEE, YA R—I, A AT TR E EDIEIRL,



X% 4.11 KDD IZ &\ 3 75 & e EFEN £ 5 () it

KDD /’ 0
150 \//‘ 200

150 &2
ﬂg 100+ o
i it
100 g
50
~\/\o/’\0 50
0l W= : — " o
2010 2011 2012 2013 2014 2015
B
Rl - R - Japan China -« Korea -~ USA

X3 4.12 KDD IC &) 2 fFEEL & FrimbB MR L5 (—i8) Dt

BAfEE  Total Japan  Korea China USA UK France Germany  Italy Canada  Spain Australia  India

2010 136 53.7%) 000.0%) 23(16.9%) 84(61.8%) 2(1.5%) 1(0.7%) 53.7%) 1(0.7%) 100.7%)  2(1.5%) 6(4.4%) 3(2.2%)
2011 177 2(1.1%)  1(0.6%) 18(102%) 134(75.7%) 42.3%) 3(1.7%) T4.0%) 5028%) 502.8%) 2(1.1%) 100.6%)  7(4.0%)
2012 209 8(3.8%) 2(1.0%) 44(221.1%) 132632%) 3(1.4%) 3(1.4%) 94.3%) 3(1.4%) 5024%) 4(1.9%) 73.3%) 6(2.9%)
2013 197 6(3.0%) 1(0.5%) 28(142%) 140(71.1%) T(B.6%) 52.5%) 5025%) 3(1.5%)  63.0%) 71(3.6%) T73.6%) 4(2.0%)
2014 218 523%) 00.0%) 32(147%) 162(743%) T32%) 4(1.8%) 94.1%) 523%)  8B.7%) 3(1.4%) 73.2%) 8(3.7%)
2015 252 15(6.0%) 62.4%) 30(11.9%) 190(75.4%) 502.0%) 7(2.8%) 8(32%) 4(1.6%) 4(1.6%) 5(2.0%) 114.4%) 8(3.2%)

XZ 4.13 KDD I8 2 E~X— 2 DILFEEIR

Japan Korea China USA UK France

HUEROEEE AEE | HUR N AEE | B EE AEF ) BURC EEE ASh | BUR O 66 BU i AF
2010 2 3 5 0 0 0 14 9 23 20 64 84 1 1 2 1 0 1
2011 1 1 2 0 1 1 14 4 18 31 103 134 0 4 4 2 1 3
2012 3 5 8 0 2 2 19 25 44 34 98 132 1 2 3 3 0 3
2013 3 3 6 0 1 1 21 7 28 39 101 140 6 1 7 3 2 5
2014 1 4 5 0 0 0 24 8 32 50 112 162 5 2 7 2 2 4
2015 5 10 15 5 1 6 18 12 30 54 136 190 3 2 5 7 0 7
&l 15 26 41 5 5 10 | 110 65 175 | 228 614 842 16 12 28 18 5 23

Germany Italy Canada Spain Australia India

Hul dE Ak | BUSC R AFF | BUR HE OFF | BUR B GFF | Ml GFF | B Ol Al
2010 3 2 5 0 1 1 0 1 1 2 0 2 3 3 6 2 1 3
2011 6 1 7 3 2 5 4 1 5 2 0 2 1 0 1 4 3 7
2012 4 5 9 3 0 3 3 2 5 3 1 4 3 4 7 4 2 6
2013 3 2 5 3 0 3 2 4 6 7 0 7 3 4 7 2 2 4
2014 4 5 9 4 1 5 5 3 8 2 1 3 2 5 7 3 5 8
2015 7 1 8 3 1 4 4 0 4 5 0 5 9 2 11 6 2 8
it 27 16 43 16 5 21 18 11 29 21 2 23 21 18 39 21 15 36

KDD D% X7 E11, 12, B13, 214, E15 I & D7z,

KDD D FELT S BIEFHAR O 2 % — b Th 2 2010 £ 50 2 Lol EImcH 5, F 7%,
AAAL AAMAS IZH L TREIOZMIEDIR Z Vv, AAAL AAMAS 7% ECTIRIEGH IS R R B0z X L <
W5 HEDS, KDD TIRFEREBICH O A Z ATV 5, HADFIIZ AAMAS & FFET, HE
BOMRICT & 7 03H D I 2 5 A D 12 WRITHHBPIL Tw 5,



X% 4.14 KDD 28T 2 EEoLFHEZ (2010 4£~2015 EA4H)

......

Australia

/ Germany

X3 4.15 KDD i B 2 E D HFEBR (—, 2010 £~2015 FEFAH)

KDD Japan Korea China USA UK France Germany Italy Canada  Spain  Australia

Korea 0

China 1 0

USA 8 5 ez

UK] 0 0 2 9

France 2 0 1 6 2
Germany 0 0 2 11 1 1

Italy 0 0 0 6 1 2 1

Canada 0 0 2 13 0 1 0 0

Spain 0 0 0 7 1 1 2 3 2
Australia 1 0 B 12 0 0 1 0 0 0

India 0 0 0 19 2 0 0 0 1 0 0

M 14 O FEEEZBGREZ A 5 &, 2o TR, HEEKREOLZFERIRHICRF VW 2 & DA
A%, —H. KELHE L OEFEBIFLZIECTEZVLbOD, liHE DHEFELLL, H6WEHEKT
DROLNEZRS>TOBIRTDVAZ D, o, KEZDHDDD BRI L TEFA VYRR, YOS
FERRE (., —EHEZFICBHCFIACHIAL T 28702 %,

10



X 4.16 AAAIL AAMAS, KDD, JSAI D ¥

800+

600 -

2010 2011 2012 2013 2014 2015
R

A [A]Asar [[]aamas  [m]3sar [¢] koD

X 4.17 AAAIL AAMAS, KDD, JSAI D ¥

BHfEAE  AAAI  AAMAS KDD JSAI

2010 348 318 136 415
2011 344 276 177 428
2012 383 310 209 567
2013 271 321 197 737
2014 474 378 218 681
2015 674 363 252 723

B2IZ. AAAL AAMAS, KDD & JSAT (A TAHIREYS) OREBABIKZXEIIAETIICE &
D7z,

JSAT BIHEARMICHT DO L WENRETH D FHELREDLLIBMT 5, Z2D7d, AAA]L
AAMAS, KDD & [ 3PEREDIRE B D, BT 2 2 L I13HEL Vs, WL DDA FEAHL
2 LTES,

AAMAS 25 2011 4E2 S HMZ B L T 2 0 L [HERE, JSAL $ 2011 4E5> 6 2013 4EICh 72> CTIH
FUFERAEDIEIN L . AAAL ARRD R E 2O 2R LT 5, BEAERYICIE, 2010 4EIC13 400 FEFE
ETH->7b DD 2013 FITIF 700 th2BATED ., ZDRIZZDKETLELLALNS (2016
£6 H6H25 9 HICPETED ISAI2016 & 700 FEDOFEENTESIN TR 3),

ENTOFRERLHIMD, Z D F FEFFRFE TORREIIINITIZ O LD > TR b DD, HEEFH3)A
BoTW»3 I LIFBETE S,
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X 4.18 AAAI DFEEGE

2010 2011 [ 202 \ 2013 \ 2014 2015
1 learning  0.026 learning  0.025 | learning 0.018 learning  0.021 learning  0.022 learning  0.023
2 planning  0.010 planning  0.013 | planning 0.009 planning  0.007 planning  0.007 model  0.008
3 search  0.009 search  0.008 games  0.008 search  0.007 social  0.007 data  0.008
4 model 0.008 approach  0.007 | approach 0.007 approach  0.006 model 0.007 planning  0.008
5 social  0.007 games  0.006 search  0.007 games  0.006 online 0.007 approach  0.006
6 approach  0.007 networks  0.006 models  0.006 data  0.005 search  0.007 models  0.005
7 models  0.005 social  0.005 | systems 0.005 knowledge 0.005 models  0.005 social  0.005
8 games 0.005 | programming 0.005 social  0.005 clustering  0.005 networks  0.005 prediction  0.005
9 | reinforcement  0.005 model 0.005 data  0.005 model  0.005 data  0.005 networks  0.005
10 data  0.005 semantic  0.005 | dynamic 0.004 | programming 0.005 image 0.005 | representation 0.004
11 networks  0.004 analysis  0.004 optimal  0.004 multiagent  0.005 | probabilistic  0.005 bayesian  0.004
12 multi-agent  0.004 | probabilistic  0.004 model 0.004 online  0.005 analysis  0.005 online 0.004
13 | programming 0.004 optimal 0.004 | analysis 0.004 | classification 0.005 | classification 0.004 probabilistic  0.004
14 language 0.004 information  0.004 | efficient 0.004 recognition  0.004 sparse  0.004 modeling  0.004
15 information  0.004 models  0.004 logic  0.004 social  0.004 multiple  0.004 knowledge 0.004

#rh o fiEl TF/IDF il

X# 4.19 AMAS DR#GE

2010 2011 2012 2013 2014 2015
1 multi-agent  0.015 games 0.018 | (demonstration) 0.017 learning  0.015 agents 0.016 learning  0.011
2 agents 0.014 agents  0.011 games 0.014 agent 0.014 systems 0.011 | multi-agent 0.011
3 agent 0.012 systems  0.011 learning  0.013 agents  0.012 social  0.011 social  0.011
4 learning  0.011 multiagent  0.010 agents 0.013 systems  0.012 games 0.011 model  0.010
5 games  0.010 | multi-agent  0.009 multi-agent  0.011 multi-agent  0.010 learning  0.010 systems  0.009
6 distributed  0.010 agent  0.009 multiagent  0.010 multiagent  0.009 multi-agent  0.010 agents  0.009
7 systems  0.009 reasoning  0.008 approach  0.008 games  0.009 agent  0.007 multiagent  0.008
8 multiagent  0.009 social  0.008 systems  0.007 virtual  0.009 model  0.007 games  0.007
9 framework  0.007 model  0.007 agent  0.007 planning  0.008 multiagent  0.005 agent  0.007
10 approach  0.007 learning  0.007 social  0.006 social  0.008 approach  0.005 planning  0.007
11 virtual  0.007 | agent-based 0.006 virtual  0.006 approach  0.008 agent-based 0.005 | agent-based 0.006
12 model  0.007 game  0.006 formation  0.006 | information 0.007 distributed  0.005 | consortium) 0.006
13 | coordination  0.006 planning  0.006 modeling  0.006 model 0.007 | reinforcement 0.005 (doctoral  0.006
14 planning  0.006 human  0.005 rules 0.005 | coordination 0.005 networks  0.005 design  0.005
15 search  0.006 | distributed 0.005 behavior  0.005 control  0.005 game  0.005 human  0.005

Frh O ¥t 1% TF/IDF fi

42 MMERNBTER

AAAI, AAMAS, KDD, JSAI DB fif i O Re il 2 M7 818, B19, 820, B70 12 £ L b /e,

F—7— FOMHICEEL T, FEUTOLTRMUTOHGEZBRN L7, £/, $RTORLFZ/IX
TSR 72,

F&4FHEE [ a, an, and, at, based, by, for, from, in, of, on, the, to, using, via, with. ]

HAGES 4 P ricowTld, TBEBEMNT I MeCab[d] 2 H v, & & L T mecab-ipadic-
NEologd[6] ZFIH L T, #iAtyo Az R E LTHI L 72,

mecab-ipadic-NEologd % H\27- Z & T, HAGEIZOWTIE, BIZIE TATHAE, #5 AT THIAE,
nEKHEIING 2 R TATHEE) LRI, %< OHGETIE, FIZIE ThisdRs 27
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X 4.20 KDD DfEE

2010 2011 \ 2012 \ 2013 2014 2015
1 mining  0.030 data  0.027 mining  0.022 data  0.022 learning  0.019 data  0.020
2 data  0.030 mining  0.018 data  0.020 social  0.020 data 0.019 learning  0.019
3 learning  0.024 learning  0.015 social  0.016 learning  0.017 social  0.015 networks  0.014
4 networks  0.014 networks  0.010 learning  0.015 mining  0.016 mining  0.011 social  0.011
5 models  0.013 social  0.010 networks  0.013 networks  0.011 networks  0.009 | prediction 0.009
6 social  0.013 | classification 0.009 | information 0.009 online 0.010 large  0.009 | clustering 0.009
7 information  0.009 streams  0.008 clustering  0.008 search  0.010 modeling  0.008 modeling  0.008
8 clustering  0.008 models  0.008 online  0.007 prediction  0.007 network  0.008 online  0.008
9 graph  0.007 graph  0.008 analysis  0.007 models  0.007 detection  0.007 | framework 0.007
10 feature  0.007 clustering  0.008 efficient  0.007 analysis  0.007 clustering  0.006 machine  0.007
11 | classification 0.007 topic  0.008 graphs  0.007 | information 0.007 sparse  0.006 mining  0.007
12 online  0.007 analysis  0.007 system  0.007 large  0.007 scalable  0.006 deep 0.006
13 class  0.007 system  0.007 web  0.006 system  0.007 online  0.006 large  0.006
14 algorithm  0.006 | information 0.007 discovery  0.006 scalable  0.006 | management 0.005 big  0.006
15 model  0.006 network  0.007 search  0.006 | classification 0.006 graphs  0.005 models  0.005
1 OHE X TF/IDF fif
#4221 JSAL DOFRHGE
2010 2011 2012 2013 2014 2015

1 VAT A 0.033 VAT AL 0.022 VAT L 0.027 VAT L 0.026 VAT L 0.027 VAT A 0.024
2 T 0.021 BRy b 0.020 FiE 0019 ¥ 0.018 1&#  0.020 7L 0.021
3 FH 0018 EF)L 0018 i 0.017 FE 0013 7L 0017 W 0.020
4 F—4% 0015 FE 0015 EF7V 0013 EF)NL 0013 F—=2 0017 F—2% 0016
5 7L 0013 F—% 0014 F—2% 0011 F—4  0.008 T 0.016 T 0016
6| T—Yxzvh 0012 & 0.014 oRy b 0.011 HIEE 0.008 MiE  0.012 oRy b 0.010
7 HIE 0.011 BifE 0.012 a—4%  0.008 HiE  0.007 aRy ko 0.008 M 0.009
8 2Ry b 0.010 Wi 0.012 i 0.008 B 0.007 B 0.008 | =—Y =¥k 0.008
9 a—%  0.010 HIF%  0.009 F /< bk~ 0.008 aRy b 0006 | T—Yx¥h 0008 | *v hT7—2  0.007
10 EiBi 0.008 F /< bh) o 0.008 & 0.008 E - 0.006 A 0.007 BihE 0.006
11 Hi&  0.008 W& 0.007 | A bhEY— 0.008 T—Yz¥h 0.006 -4 0.007 Al 0.006
12 YEE 0008 | ==Yz 0.007 =ik 0.007 Fv b7=2 0006 | 2y FT7—=2  0.006 NRE—=r  0.006
13 =ik 0.006 i 0.007 gk 0.007 YiEE  0.006 =& 0.006 kA 0.005
14| 703V XL 0.006 Web  0.007 WiEE  0.007 | 299KV =2 0.005 HlE% 0.005 HE  0.005
15| 2y +v—=2 0.006 a—%  0.005 ki 0.007 EHE  0.005 EE  0.005 T¥ AL 0.005

FrhOHilE TF/IDF fi

Ly D3 T TR T AT 4, X I2aBEIINTL %9, Aafdsdiid 256836675, &
WO MBI LD NS DRI H HTRERMT 5 2 L b TE 208, SHIIRROBEZHEL 5o
o WHIZDWTUE, AR—RATHHEZITo TV ERETHDT, 3512 LLoEms#HE <. iz
X TArtificial Intelligence 1 1% TArtificial) "Intelligence; 12, "Deep Learning; % "Deep, Learning
2, TEISNTL 9 RICHEEDURETH 5,

MATHRRSY A FIVIZEERWICESCTHERER D v,

NS DRUWBHE > T, ZSREIOGHTIRARNICOL DR T CAHAERIES N TV,
L Laho, #2113 K& IR O AAAL OFRHEGERZ A THA 5 L, 2011 4, 2014 4, 2015 4EIC
probabilistic & \»9) HEENEY; T 5, BMEE 2179 ETHERIZ LXMW o N2 DTH 2D TEY
T2 EAKIELS W, 22T, 2015 2 A% LF UHialHEED bayesian 2% probabilistic D I
PIZEHBLTwD, A —TRAZXPRAI TPV Ry FT =7 R EDFRIZAGNDE LED,
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RO BB I B T 2RI THALZ TETH 208, WO TF—T7—F2RRINTw3B I &
D5, A LDOF TR EPREI N EEEDH Z %, social &\ 9 HEEIZD LTI 2010 42
5 2013 - F THEFNMEN. Z T 1T 7223, 2014 FI2iE EAIISE D W TWwW 5, 2N6 DEjE IO
T, Ailk#H S LATHADL I ETHADAIRAZME SN2 WREESFZ %,

BOEICHZIT 2 £, AAALI® AAMAS, KDD DX —7 —RFEBHL 292 b Db % A6
%, ZO—J7T, JISALICIF T8E, ® TaXy by DL AN JICREBH 52, NEDKEED
ETIEH 208, BHRECYHNA v 577> avil, "—FETey FTHOF->TWVw3 LT3
& S Ep & oS E L CEIBREE,

5 EIRFEF

Web 20 GHFIEHREZINE L TE D, 220, Vv 27Uk ETH AR > IR I L To
BV, Flo, KRR I N TV 2EHHIIBEAEHA 2 GO TRTHRE LTS, Insick
D, BHEHEGEORTHRENKLR &L REROBUED 2 2 TR D 5

EFE I "EEMEEEOEFE) TH 0. 2o, EEIHBIN TRV DIEA Y Y FTE TR
W, ATV FHEPRKRTH D, Lo LRICODEEBETIHEDLD S,

EMOLZFRRIC OV T, LFBRE I WE L, HFoxERe, [FA—rEEREEREOEE O~
TR I N 2RI, WRICEEFNTORVAICEEILETH S,

ESIcEA R TH D . Eahkfls7mdi L T s AAAL  AAMAS, KDD &, EHNSETH
FUIFEAIC 2, FEED L BMT 2 ISAL £, TIEZOMWEIIKRE B ) Bflc ks % 2
ENFTEM Tl 2R\,

BME O POl S L 2 BUE I D A HE D W T E D . AD, REHEL, ot PRy EER L
L2 IERLZfT> TR v, 2070, KREFCHEOFENKRELS 525 2 LITYARDRRLEF R
%, 2o DIERMLP, HEFRNOME - O 82 D Fuc o il - Bz £, Hlo#in
L7 GEIcl, Eo R AR S B FRE DD B,

6 &

SHOFEMOAMOBEICE T 2 20 DBERMERZ HINE LT, ATAREDEICE T 2 B4 2 FHER
2k (AAAL AAMAS, KDD) &, EINIRADZHETH 2 A LA AR 2E RS JSAD ORikik%
N—R L LT, AFIICET 2 HRAMEEOSHEES, R L AR L OfAENINO AR 2 /S 1257
Bl 7z,

ERIOSMEESHTIC B WL, PEDZEICSHEZ B LT 277, FROEZENIEE)XEEL
LTCWw2HDDEEEEHETIHIZIZFEID LM, LI RP[Z L, ATAgOR Tz —Y v
FRREICIR 2 &, BEOB X IZAZT, FEIHZSOH 20, ZOZFHORK TR ELENEOS
HIFE D& S DAl 27z,

MRNBEOIHTICE VT, EASGETIEERSETIIRECHTIRY TaRy by o T8
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Biy &) ¥ —T—FBBnEIn, MELTAOERZHERT 22 LB TEL,

LLBdo, 74 PVDOARZFERLDICL oM TRERSIARLTE Y, FHEBbN S 145
BONRERPIB SN LB, S5, BERICHERL 72 & 9 ISR 07— % G
LCEHREZ L 72007 (2] 2179 2 LT, KhAHEEO o2 Lllbhd, £z, BRI W
THEMROMAZME ) THERMEREZM ) L CHHtEZ SO SN2 AMREEL D 5,

NTHIBETEF 1, BB O EATAMICEZ LT3 00— >TH 5, BIROMEHITIE, fil%
HWEL, I N2 T TIRHNICRELRBAZDBH D, Zhonigste B L <, UIEHiicE
I 2EBRREETORERDHED REVEALGNE, 2D, FERXN—ADILGHH7210Tld
BapECcE hh o7 ) RENZAREZ DHETECL o TaMKERZ FaEHTE R o
DT BHREMED D B

St 29 LIEBERE AR E 2 R— R L LG ROIE - i FECHMAZ LT 5 L e, 2
NS 2 M TEBEIVICENIR ZFE - 2T L TIT K S EDREEF A %,

15



(3]

[4]

(5]

[6]

NI A REARN - 4/ N—2 2 v &k 8 5 WIRFABAREEAT . http://www8. cao.go.
ip/cstp/kihonkeikaku/index5.html (P 28 4 1 H 22 H, BER&RE) .

oIl Bk, AR K BY A, MK REA, AN R, BPAE AR EERSASICHER U 2RI O FE
T3 HT — World-Wide Web Conference O 54 704 —. SCEBIAA BHEEART - SAMTBERITSEAT,
DISCUSSION PAPER No.110, http://hdl.handle.net/11035/3014 (2014411 H) .
FUIN 2, 1 &k, ¥R &, BRI A3 IBEE 04 v 7 7 L v A LTI 2 58 G5
B R - AT 2 R OBELE T - HHEETIE & HA- SRR AARRARAN - ARBORIT
Jii, FEE Rl No.194, http://hdl.handle.net/11835/876 (2011 406 H) .

ol Bk, BTz, BT AL, DF7ed ERSmEtE ofm s CGEEFRIC A e o —u X
TAVA, AYEaL—FEY a Y ROEST/A AEBZNRE LT ERFAARARAR -
SEMTBCRITZERT, FHEE R No.199, http://hdl.handle.net/11035/932 (2011408 H) .
Kudo Takumi. MeCab : Yet Another Part-of-Speech and Morphological Analyzer. http:
//mecab.sourceforge.net/ (2005) .

Sato Toshinori. Neologism dictionary based on the language resources on the Web for Mecab.

https://github.com/neologd/mecab-ipadic-neologd (2015) .
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8% A IJCAI DIRTEEHER

ICAI 13 AAAT L HE BRI S 2 B4 L ERRED —DOTH 5, AAAL & 574 0 FREF CThifi &
., #EERITIE AAAL & UCAL DBEENEE T 256, AAAL 2 UCAL WY 2B ThilfEd % &
Wo B D & o T,

C D, BRFERARICHE ) MLEER 2 & O R NEErE, MO, AAAT & DBIREE, AT, HEMEE
MOWE LI, 2 ED SRR TIRIHTRNRITIZ 2D > 7,

T T, BE S Gy (2007 4, 2009 4E, 2011 4E, 2013 4, 2015 4F) OERERICO VT, &%
#? PDF ZUE L, B2 [FED 0T 2 il 72 DTN T %,

AR, WERD Y v 78Nz IR L TE ST, AR LD 1T = PIEETE TV
7\, 7, PDF TSN FHOT—F %27 ¥ A MCEHL 7 LT, BH50MEICET 2 Lidb
N &P 2 B I i L TR L T 3, 2070, EiHEFICOWTARDO 7T—7 U Lo XL s
LU BHREED D 5, 2 Ofth, HERFEIIARICHET 2,

HEFEEBE OEFEDOHIICIZ, PDFICEED A —L7 FLRAZHH L T3, BT Gk
BNEHEAIO LBV TH2, NEMFEAID EB) ., FIZIFAREEOMBETH> TS, “.com”
BEERHOVBEERHBZVBZNSIZEBL TRV, £, KEIZOWTEX—LT7 FL AICHESK
HEDPWEE R 7c D, ZFEELTEY 7LV XA U2 “edu” DHDIZR-> TRICEF L 72,

iz EEEE A 1SR,

DCAL IZFRFEFMETD D . Bl B I IREE72 23, AAAT > AAMAS, KDD & LT, 2 ZHUE
(2013 4E, 2015 1) OEDE DD & DFRMAEBWD L T b X HICHRX B, —T, FERI
EEREEMLCED, P THOTEDEERPSME LR L T2, ZOKHE LT, KED HHEMK

BF Ak Al TR OHIETE (Fy 7LV F XA v 2 )
4 HIE ST

Ha “ipP bLK “ Jp”
[FrE4Es| “kr” H LI “ KR”
G SES| “.cn” H LI “ CN”
b/ SES| “.edu” H LI “. EDU”
eS| “uk” H LI “ UK”
79V “fr” H LI “. FR”
R4 “d”  HL<IE  “DE
4507 i bLE “ T
HFy “ca” H LI “. CA”
ARA v “es” H LI “. ES”
550 “ar”  HLLE AU
o2 “in” HL “ IN”
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TLTETED, ARTHNRE L ZEHBELHEO T T O RE DML R bR EZ R L TWw»5,
NS DBIEIRN T RIK KLY Z DERIZOWT, SRBGTT 2 08035 %,

X% 15k A2 ICAILICEB T 2RFEFRE L TBEBAEEN IR (—3) ot

Spain  Australia India

Korea China USA* UK  France Germany Italy Canada

2007 471 18(3.8%)  2(0.4%) 143.0.%) 153(325%) 34(72%) 36(1.6%)  23(4.9%) 28(5.9%) 24(5.1%)  9(1.9%) = 23(4.9%)
2009 334 123.6%) 1(0.3%) 2163%) 118353%) 175.1%) 226.6%)  2163%) 154.5%) 24(72%)  3(0.9%) 18(54%)  2(0.6%)
2011 482  204.1%)  2(0.4%) 37(17%) 13227.4%) 34(71.1%) 30(6.2%) 33(6.8%) 29(6.0%) 26(5.4%) 22(4.6%) 20(4.1%) 2(0.4%)

2013 489  8(1.6%) 3(0.6%)  76(155%) 10922.3%) 36(7.4%) 35(7.2%) 1837%) 17(3.5%) 244.9%)  9(1.8%)  31(63%)  2(0.4%)
335.1%) 29(4.5%) 16(2.5%) 8(1.2%) 32(4.9%) 6(0.9%)
* BEAH

BAfE4E  Total Japan

15(3.2%)

2015 648 91.4%) 1002%) 116(17.9%) 15023.1%) 52(8.0%) 36(5.6%)
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8% B ICML O¥xfaiuts

LAk, LUF T3 ICML O RIC O W TH AN T 5,

LRI, FEHHWICOWT PDF O F— % 2B IR L THWTE ), BEEFEHZD
flibFAETH %, 2B LES T HOT—IDBPEETE TR, 28, ICML I3 AAAL > AAMAS,
KDD & [Afk, MR S T 2 72 &, e REIE X 2010 42225 2015 £ TD 6 [RIZERHI L 72,

FEHTTERB O EEEOHBNC X, PDFICEED XA —L7 FLAZFAL T3, BRI HE Tk
BNEFEAI DO B TH2, NEMEAID LY., FIZIZHARBOMBTH>TH, “.com”
REEHOCBIRENDINZNSIIEEL TR, 742, KEIZOWTIEA—LT7 FLAICESK
HEDBHEEZ 72D, ZELELTE Yy 7LV XA VD “edu” Db DI TRICEF EL 72,

B, ICMLIZIZ A =L 7 FLZADEHIN TRV HHAINS, ZN56AXA—L7 FLAD
BORSUIRBIRENCIZ A 7 v P IN T 528, FEEBEEFEDO 2 7 v MTidEFS L Th vy,

R 2B IR,

AAAI > AAMAS, KDD & [FAffIC ICML T b Z#REBUIHEARNIH O 2 A2 TE D, hE EOREIZ
ZOMNT L) BT, HERBVEL Tw2d, 2014 2 E—27 L LT, 2015 12 2013 4 &k D
PARDFEED D 700,

BEDOFEEICHZ BT 5 & BRI H > THEIA Z ZEAED D 5\, 2014 4E1C 12 #2358k
INTVBEIEEHFEZDE, MRENREPRIULL CTEB OV RNED MYy 7 RAIKIEE S LHEIND 5,
AL, FERESRCIERECE2ENEH 2DEFNCL 70D D, Lo HEELEZ SN 505,
2L Z2HOBIEDOATEEI L HMHE > TGO EZ R, ZORIBIL T, WXoThHZHET
% 7 ENROPFHELNIETH B,

BIF 1% B.1 ICML I &\ 20 FE R4 & T m B R I S 8 (—3F) DR

BHfESE  Total Japan  Korea China USA* UK  France Germany Italy Canada  Spain Australia India

2010 159 42.5%)  0(0.0%) 3(1.9%) 71(44.7%) 3(1.9%) 10(6.3%) 12(7.5%)  2(1.3%) 42.5%)  1(0.6%) 2(1.3%)  1(0.6%)
2011 160 53.1%) 000.0%)  3(1.9%)  55(344%)  53.1%) 12(7.5%) 9G5.6%) 100.6%)  8(5.0%) 5(3.1%) 3(1.9%)  0(0.0%)
2012 243 72.9%) 1(0.4%) 6(2.5%) 9037.0%) 13(5.3%) 15(6.2%) 145.8%) 200.8%) 11(4.5%) 0(0.0%) 41.6%)  0(0.0%)
2013 283  3(1.1%) 000.0%) 1242%) 108(382%) 16(57%) 14(4.9%) 932%) 1004%) 18(6.4%) 1(0.4%) 932%)  4(1.4%)
2014 310 123.9%) 1(03%) 154.8%) 113(36.5%) 8(2.6%) 9(2.9%) 1032%) 401.3%) 2006.5%) 1(0.3%) 4(1.3%)  3(1.0%)
2015 270 3(1.1%)  4(1.5%) 11(4.1%) 9936.7%)  14(52%) 15(5.6%) 93.3%) 1(0.4%) 186.7%) 2(0.7%) T2.6%) 6(2.2%)

* BEAE
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T8k C NIPS DIRTREIER

[REEE Al LR, BUNTiE NIPS OHifERIC OV TH N T 2,

I THHEHBERITOWTPDF O 7 — 8 ZMEICHENT L THWTE D, EEFEEZ Oftd FikT
b5, 5B, NIPS b AAAL > AAMAS, KDD & [Flkk, BRI TV 2720 s R
2010 4225 2015 4FFTD 6 MIZ R L 72,

EHH BB O EIFEOHHNIZIE, PDFICEIED X — L7 FLAZHAH L T 5, B4R 722 HE 7k
BNERFEAI DO LB TH2, NEMEAID LY., FIZIFHARBOMBGTH>TH, “.com”
BERHOVBEERHZVBZNSIZEBL TRV, £, KEIZOWTIEX—LT7 FL AICHESK
HEDBHEEZ 72D, ZELELTE Yy 7LV XA VD “edu” Db DI TRICEF EL 72,

fii 2 MEREEE C 1IoR 7,

AAAI > AAMAS, KDD ¢ [AlfgIC ICML TbEEBUIIEAN IO Z A TED ., KEIZZ DM
MIT L 72D ) BT, BEBMNZLL Tw 2, DRERTEAD & i3iiic, hEOSMHEIK Z
ClEw,

EOEOFEEBICHZINT S &, 22 THEBICIEDNH > THIAZHAID D5\, 7272 L, HE
DLHEEPREL B E W) TEDH>T, AHTHRE L 2EEREOF TR, "BESTY 74
ROWIZERFEZ V) — F LT WAEELsH 5,

XIZ 18k C.1  NIPS I B \F 2 T35 & IriEseBAEFE I Fe 28k (—8) DiER

BAfEAE  Total Japan  Korea China USA* UK  France Germany Italy Canada  Spain Australia India

2010 292 62.1%) 103%)  724%) 165565%) 1138%) 18(62%)  16(55%) 62.1%) 1448%) 1(0.3%) 517%)  3(1.0%)
2011 306 13@2%) 30.0%)  207% 161(52.6%) 2582%) 17(.6%)  2788%) 4(13%) 14@4.6%) 2(0.7%) 4013%)  100.3%)
2012 368 113.0%) 40.1%) 154.1%) 189(514%) 3082%) 215.7%)  2054%) 3(08%) 1952%) 3(0.8%) 51.4%)  3(0.8%)
2013 360  701.9%) 103%)  822%) 198(550%) 298.1%) 18(5.0%)  23(64%) 5(14%) 1542%) 3(0.8%) 70.9%)  3(0.8%)
2014 411 502%) 205%) 1362%) 232(564%) 31(75%) 26063%)  174.1%) 205%) 1741%) 401.0%)  1024%) 112.7%)
2015 403 820%) 512%) 1025%) 216(53.6%) 235.7%) 2162%)  1537%) 307%) 1332%) 00.0%  1025%)  7(1.7%)
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